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The Problem

Kehlani's "Folded” went viral on TikTok, BUT:

Does the recent success translate into long-term followers?
How do we characterize these audience groups?

What future tactics would lead to long-term listeners?
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Existing solutions do not provide
meaningful interfaces or tools to

answer the toughest questions
surrounding public opinion today

Yesterday’s
Answer

Unstructured - how can | leverage
this for insights?

No causality - why does sentiment
flow this way?

No counterfactual reasoning - if |
were to do “x", what would happen?



The primary way to understand

today’s world is through

NETWORKS

al

Metcalfe's Law - network
value grows exponentially:

10 users creates 100 units of value
1000 users creates 1,000,000 units of value

Raw data is rising faster than
our ability to understand:

149 zettabytes created in 2024
181 zettabytes created in 2025

ofl

Global investment in graph
databases is growing:

Market CAGR is 18-27%



Cliques.Al presents

TOMORROW'’S SOLUTION:

Using networks to parse
public perception

N




NO fragmented data:

Cligues.Al integrates ALLof your available
data Into a SINGLE entry point

Consumption Audience Engagement Everything
Else

Streams and listens Listener Playlist adds, follows, likes,
across platforms demographics views, shares




How could you use
Cliques.AI?
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Aggregated Data
Usel Combine all sources of data to identify

Identifying relevant listeners
Clusters ;gﬁ}é

5
Graph ML

Apply machine learning to identify
audience groups




Use 1: Identifying Clusters

SocialGraph | Network Analysis Y Filter &, Export «” Full Screen

Kehlani - "Folded"

Influence Network Analysis

Network Insight B .Id G h
Analysis Period Strong bridge connections indicate viral content is u I ra p s

Oct 15 - Nov 17, 2025 reaching stickylR&B communities. 61% conversion

potential through bridge influencers.
NETWORK CLUSTERS

R " e | everage data and ML to
’ discover groups of listeners

Stickiness

Stickiness

between clusters

et ’ ’. o |dentify connections
° A

Bridge Influencers

i ; e Visualize information
spread between groups

Existing Fanbase
Nodes

Stickiness

NETWORK METRICS

2 Total Nodes:

A Avg Stickiness: Node Size = Influence Reach




K
lse 2 Tie Strength

Distinguish between Strong and Weak

MOdeling relationships
Information

Flow

Find Influential Entities

ldentify local bridges in graphs that lead
to information spread




Use 2: Modeling Information Flow

SocialGraph | Cluster Deep Dive Y Filter & Export " Full Screen

R&B Community

Cluster Analysis
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Use 2: Modeling Information Flow

SocialGraph | Influencer Impact Analysis Y Filter &, Export Target List

( J
Key Influencers B u I I d
Ranked by composite centrality score
Influence Sentiment N etwo r ks

@musicdiscovery Inspiring - Authentic advocacy
Sarah Chen
@ Positive - General support

Followers

1.2M % @ Sarcastic - Mixed tone

Negative - Critical content ° Use network theory to find
influential entities within
clusters

@ .. e Score the strength of their

- [ influence using machine
@ oo learning & generative Al

Followers

e Connect influential entities
® = between clusters

Jasmine Williams

Followers
380K
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Context Matters

Use & Sliced views based on “projects”

Visualizations

Time Slices

Watch how behavior unfolds



Use 3&: Visualizations

SociaIGraph | Comparative Network Analysis Y Filter &, Export «” Full Screen

COMPARE SONGS

Folded Crash My Car Cautionary Case
COIN
Weak bridge connections show viral content

stayed isolated in trend clusters. Only 32%
bridge strength - viral momentum didn't

S e i i Project Views

NETWORK CLUSTERS

® Viral Trend Cluster ® Toggle between mU|tip|e
b contexts

Stickiness

e See how cluster behavior

Nodes

Stickiness % Changes

Bridge Influencers COm pa re Cl uster

Nodes

z behavior between
different songs

Existing Fanbase

Nodes

Stickiness

NETWORK METRICS




Use 3&: Visualizations

SocialGraph | Listener Journey Flow Y Time Range &, Export P ANEllliSereen

Journey

Overview
Journey Insight

Kehlani - "Folded"
TikTok drives 59% of discovery, but only 18% of TikTok

Conversion d
AR lrale discoverers become sticky fans. Users who take action u I e n c e
= | J-'. b
(follow, playlist, explore) show 60%+ stickiness rates.
Initial Discovery Engagement Behavior The key bottleneck: 32% single-listen-only behavior. Focus

= Sticky campaigns on converting passive listeners to active
~ Conversion behaviors.

38.2%

1.83M sticky
fans acquired

Transient ® Visualize the Complete
s listener experience from
wbiicie exposure to adoption

2.00M transient

listeners

e See which paths lead to

g “sticky” fans

978K potential

YouTube

0.45M

conversions

Transient
2.00M

Critical Path

Users who

followed

Kehlani showed

the highest

conversion rate Conversion Paths
(77%) to sticky




Find Sticky Users

Score how likely a user will remain
Use 4 engaged

Stickiness
Q

N
Interpretable

Understand what makes a user “sitck”



Use 4: Stickiness

SociaIGraph | Influence Flow Visualization High Stickiness User Low Stickiness User

@music_lover_24 s d
tickiness
o
STICKINESS SCORE .
78 @ kehlaniupdate ;J-,l ::. c o re
sarcastic

INFLUENCE SUMMARY

S  Run graph based metrics to
aggregate sentiment and

- influence that reach each

6

@music_lover_24 e n t i t y

Sentiment Mix

: . e See what factors make up

® Positive

S @ : each score

INFLUENCE PATHS

stickiness = sum(influence * impact)

@rnbdaily = @music_lover_24
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Rank Influence

Find the most important entities in your
Use 5 graph

Campaigns .
B )

See Future Impact

Predict the effect of using an entity to
boost public opinion




Use b5: Campaigns

SocialGraph | Influencer Targeting Impact

Select Target Influencers

Choose influencers to model campaign impact

@musicdiscovery Tier
Sarah Chen .
Bridge

L:;'\-:.Il y
High

$12,000

Tier

Core Community

@rnbdaily
Marcus Johnson

Conversion Quality

84% Very High

@playlistcurator
David Park

Direct Reach

0.4M 71%

Quality
High

Conversion

@trendychallenge
Emma Rodriguez

Projected Campaign Impact

3 influencers selected

2 Total Direct Reach

2.31TM

Unique listeners

@ Expected Sticky Fans

1713K

ion

~" Return on Investment

R e e e e N
Campaign Cost

$27K

3-Year Projected Value

Impact Breakdown

@musicdiscovery

Bridge

$12,000 $1020.0K

() Metwork Reach

15.4M

Secondary exposure

$ Campaign Cost

$27K

£0.02 per sticky fan

ROI (Year 1)

7982%

68 %

$5997K

816K fans

conversion

Run
Counterfactuals

e Quantify the projected
reach of each influential
entity

e Estimate number of new
“sticky” fans




Cliques Al

Seeing the world 1% better each day

contact: hermessuen@cliquesai.com
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